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Abstract: With the development of deep learning and computer vision
technology, the prediction of object detection is getting more fast.
The brand LOGO detection in pictures or videos 1is an application
direction of target detection, which can play an important role in
marketing and advertising activities. Here, the YOLOv3 network was
used to test the LOGO of a men’ s basketball World Cup game, and analyzed
the exposure of the two brands of Baisuishan and Nike in the video.
Then, based on this, the application of LOGO detection in marketing
activities is carried out, including calculating brand awareness,
reducing the effect of sponsorship activities, obtaining brand feedback
and detecting illegal LOGO usage.
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